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Abstract: When characterizing poverty as a component of a
market economy, it should be understood that it is a factor
hindering socioeconomic development and, therefore, is important
to overcome or at least mitigate. A territorial analysis of poverty in
the Republic of Armenia reveals that poverty levels vary depending
on the level of socioeconomic development in each region. This
suggests that the process of poverty alleviation is uneven across the
country. It is most pronounced in Yerevan, while progress in the
regions is relatively slow.
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Research aims: To analyze poverty trends and the main factors
influencing it in Yerevan and the regions of Armenia.

Research novelty: The article presents a comparative analysis
of poverty indicators in the regions of the Republic of Armenia,

urban and rural settlements, as well as in the city of Yerevan, and
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multivariate regression analysis made it possible to identify the main
factors influencing the level of poverty in the regions of the
Republic of Armenia and the city of Yerevan, as well as the nature
of their impact.
Introduction

Essentially, poverty levels in different territorial units within a
country (city, village, region) can manifest themselves differently.
These differences stem from disproportionate territorial
development, differences in infrastructure, institutions, and
resources across regions, among other factors. These factors
determine both differences in socioeconomic indicators including
poverty trends, so public policy implemented in each territorial unit
must have a specific, tailored logic.

Methodology
The research is based on a comparative and descriptive
analytical approach, combining both quantitative and qualitative
methods. Statistical data were drawn primarily from international
databases such as the International Labour Organization (ILO),
World Bank, and Eurostat, covering the period 2004-2024.
The study includes:
v Comparative analysis of working poverty indicators across
regions and countries;
v Trend analysis to identify long-term changes in poverty rates,
poverty depth, and the risk of in-work poverty;
v" Case study of Armenia, aimed at examining national specifics in
the context of global patterns;
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v" Interpretative assessment of gender and regional disparities in
working poverty.

The methodological framework relies on established socio-
economic indicators, including the working poverty rate, poverty
gap, and poverty headcount ratio, enabling cross-country
comparability and time-series analysis.

Research results

The territorial analysis of changes in the poverty level in the
Republic of Armenia provides an idea of the main trends in the
poverty level in Yerevan and the regions of the Republic of
Armenia. The study of the poverty rate indicator for the period
2004-2023 (see Figure 1) shows that in some territorial units, in
particular in the regions of Ararat, Armavir, Gegharkunik, Kotayk,
Shirak, Tavush, Vayots Dzor and the capital Yerevan, the poverty
rate has not undergone significant changes over the specified
period. The compound annual growth rate (CAGR) of the poverty
rate in the specified territorial units fluctuated in the range of [-3%,
2%]. And in the regions of Aragatsotn, Lori and Syunik, the average
annual growth rate was -6.8%, -4.1% and -8.3%, respectively. The
data clearly show that the greatest changes occurred in the Syunik
region, where the poverty rate in 2023 was 7%, compared to 37%
in 2004.

It is noteworthy that, according to 2020 data, the poverty rate
in some territorial units nevertheless decreased despite the
negative impacts of the COVID-19 pandemic. In particular, when
comparing 2020 data with 2015 data, it becomes clear that the
poverty rate in some territorial units has decreased. Firstly, this can
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be explained by the specific change in methodology: starting in
2019, poverty is measured not by household income, but by actual
consumption.

Therefore, many households can smooth their consumption
through alternative sources of income (loans, savings, etc.), which,
in turn, may have a positive impact on the poverty rate. Secondly,
government social support programs implemented during the
pandemic may also have a mitigating effect on the poverty rate.
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Figure 1. Dynamics of the poverty level in the regions of RA and
the city of Yerevan, 2004-2023
Source: Statistical Committee of Republic of Armenia

Regarding the main poverty indicators, a spatial comparison
also shows that extreme poverty and poverty rates are relatively low
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in urban areas (the average in 2024 was 0.6% and 19.4%,
respectively), while in the capital Yerevan, they were 0.4% and
16.9%, respectively (see Figure 2). The poverty rate in rural areas
exceeds that in urban areas by approximately 6.7 percentage
points, indicating a higher risk of falling into poverty in rural areas.
Furthermore, the poverty gap and poverty severity rates are also
high in rural areas, amounting to 4.7% and 1.3%, respectively,
according to 2024 data (see Figure 3).

On the other hand, examining the average values of these
indicators in cities other than Yerevan, it becomes clear that they
do not differ significantly from the same indicators in rural areas.
This suggests that, despite the relatively low poverty rate in other
cities, the average consumption level of the poor - that is, the
poverty gap - is virtually identical to the poverty line. The same can
be said about consumption inequality among the poor, that is, the
severity of poverty.
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Figure 2. Main poverty indicators in the RA by urban and rural
areas, 2024
Source: Social Snapshot and Poverty in Armenia 2024, p. 33.
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Figure 3. Poverty severity and gap in the RA by urban and rural
areas, 2024
Source: Social Snapshot and Poverty in Armenia 2024, p. 35.

To understand the correlation between the poverty level in the
Republic of Armenia and the main socio-economic indicators
affecting it, a multivariate regression analysis was conducted.
Within the framework of the regression analysis to assess the
influence of various socio-economic factors, the regions of the
Republic of Armenia (Aragatsotn, Ararat, Armavir, Gegharkunik,
Lori, Kotayk, Shirak, Syunik, Vayots Dzor, Tavush) and the city of
Yerevan were selected as the objects of study, the poverty level in
the city of Yerevan and the regions was used as the dependent
variable, and the number of teachers per 10,000 population, the
employment rate, real wages and GDP per capita for 2004-2023
were used as independent variables. To ensure comparability of
various indicators, they were standardized (except for the poverty
level and the employment rate), brought into the range of 0-1 using
the following formula:
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Xi
X stand. —
max
where:
thand_ - standardized value of the corresponding indicator for a given year

Xl' — the value of the corresponding indicator for a given year

Xmax — the maximum value of the corresponding indicators for a given year.

The analysis was conducted using the RStudio statistical tool on
panel data. Initially, other independent variables were also included
in the analysis, such as nominal wages (instead of real wages) and
the unemployment rate (instead of employment). However, since
these two factors showed low significance, it was advisable to
exclude them from the model to obtain more accurate results.

The initial analysis was conducted first using fixed effects and
then random effects. The Hausman test yielded a P value of
0.07034 (>0.05), indicating that the random effects model was
superior to the random effects model for the data (W. Yin, 2018).
Then, using the Breusch-Pagan test, heteroscedasticity was
detected in the presented data, to prevent which we constructed a
robust random effects model.

The GDP per capita indicator was calculated as follows:

(Retail trade volume + Services volume + Gross agricultural output + Indust.output + Const.volume

Number of population

The real wage indicator was calculated by adjusting the average
nominal wage for the consumer price index.

The linear equation of the model is as follows:

Poverty rate;, = 0,48 — 0,135 X number of teachers;; — 0,185 X
employment rate;; + 0,175 X real wage;, — 0,223 X GDP per capita;, +
Uj + Eits
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where:
i — region
t - year
u_i — ignored factors
&_it - random error.

Although the selected variables explain only 12.71% of the total
variation (R-squared), the regression model is statistically
significant (F(4, 205)=5.69, P(0.00023)<0.001). This indicates the
statistical significance of the model at the 1% level, meaning that the
selected variables, taken together, can explain changes in the
poverty level. This pattern is typical for panel data on socioeconomic
phenomena (Stock J., Watson M., 2020), where most of the
variation is due to unobserved institutional, demographic and
structural changes?.

The data in Table 1 show that the variables included in the
model, taken individually, are also highly significant. The GDP per
capita indicator has the highest significance coefficient. A
multicollinearity factor (VIF) test was also conducted, the values of
which exclude interdependence between the selected variables and
confirm the quality of the model (values range from 1 to 5, and the
closer they are to 1, the more acceptable the selected variables are
(Shrestha, N. 2020).

As a result of studying the results of the regression analysis, it
can be assumed that the GDP per capita indicator has the greatest

2 It should be taken into account that poverty is a multidimensional phenomenon
that can be explained by many other factors that are not appropriate to include
in the model.

72



negative impact on the change in the poverty level: its increase by
one percentage point leads to a decrease in the poverty level by
0.223 percentage points; similarly, an increase in the number of
teachers and the employment rate leads to a decrease in the poverty
level by 0.135 and 0.185 percentage points, respectively.

Table 1. Results of regression analysis
Source: Author's own work.

Method. Random Effects

2004
Sample 2023
Periods
included: 20
Cross-sections
included: 11
Total panel
observations:

Coefficie
-
Coefficient 0.4779 0.1032 4.6298 0.0000
el o (0.1351)  0.0635 (2.1287) 0.0344  * 13938
teachers
fﬂfloymem (0.1855)  0.0717 (2.5865) 0.0104  *  1.1707
Real wage 0.1749 0.0789 2.2170 0.0277 * 2.2204

GDP per capita (0.2234)  0.0409  (5.4672) 0.0000  ***  2.1422

However, the most notable impact is that of real wages: they
have a positive effect on poverty. Despite the notion that wage
increases should have a positive impact on poverty, the coefficient
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for the impact of real wages in some regions of the Republic of
Armenia is positive (see Figure 4), indicating that poverty increases
(albeit moderately) as real wages rise.

This can be explained by the fact that high wages may attract a
narrow circle of skilled workers, resulting in low-income
households not benefiting from changes in real wages, leading to
increased social inequality. Furthermore, rising real wages may be
accompanied by rising costs of living, resulting in household
purchasing power not increasing despite rising real wages.
Therefore, a positive relationship between these two variables does
not mean that rising real wages contribute to poverty: changes in
real wages and poverty reduction occur in different segments of the
population, each with its own characteristics.
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Figure 4. The impact of changes in real wages on the poverty level
in Yerevan and the regions
Source: Author's own work.
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Conclusion
Thus, the cause-and-effect relationships underlying poverty in
the Republic of Armenia are multifaceted and require a
multidimensional assessment. This multidimensional concept of
poverty naturally necessitates the development and implementation
of a system of poverty assessment indicators.
In this context, from a strategic management perspective, the
following is important:
v"Identifying the cause-and-effect relationships of poverty in the
country,
v development and implementation of a system of indicators for
assessing poverty levels,
v' application of poverty monitoring methodology based on
multifactorial assessment,
v’ formation of a macroeconomic ecosystem for strategic
management of measures to combat poverty.
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vur2esrh <uvsvusuuwuu NnhuNRULWURPNRE3NRL

Qlunpg Punnwuwpjuu
Cwjwunwuh wyhwnmwlwu nunbuwghunwlwu hwdwuwpwu
wuwhpwuwn

Pwuwih pwnbp - wnpwunypwt Jdwlwpnwy, wnpw-
wnijwl upniejnlu, nbgpbuhnu dnnbip, day oush hwoyny <L U,
hpwywu woluwwnwywnd, qpunyuséntejwu Jwlwnpnwy:

Unpwuwniginiup npwbu - oniuywljwt nunbuntgjut
pwnuwnphs punyewaptijhu wtwup £ hwuwuw|, np wju unghw-
nunbuwlwu qupqugdwup funspunnuninn gnpdnu k, nwuwnp
Ywpunp £ hwnpwhwpt] Ywd gnut dbndb] wju: <wjwunwuh
Lwupwwbwnieiniund wnpwnnipjwl nwpwdpwihu Yybpnidnt-
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pIntup gnyg £ wwihu, np wnpwwnipjwu Jwwpnwyp nwp-
pbpynud £ Yuiudwd jnipupwitgnp mwpwdwopowuh unghwi-
nuwnbuwlwu qupqugdwu dwlwpnwyhg: Uw Gupwnpnwd t, np
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